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(1) E24 o

WA 1987.6 ~ 2005. 12€9% E7IAREE o] &3t tge] 7] NS A&
251 (0LS) .2 FA5kck A2 Alxl= Friedman and Kuttner (1992,
1993) & wheh 42 AHsrh. ol A&~z = § S5 fiiE 2871 Al
2k Yol Al AEZA A vA= QS BT /Rt 7|1E AFEAR) & ke
Ao|t} 18)

4 4 4
AX, =~+ ZﬂliAXt*i+ Zﬂm‘Ath‘* Zﬂ3iAQt*i+
i=1 i=1

i=1

4 4
Z ﬁ47;A]Qtlf ;T E B5: A [Qt{ ity

i=1 i=1

17) Estrella and Mishkin (1998) & %%,
18) AIC E+= BIC 59 B84 7130l A= 7]l ZA slejuA] &9kt
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o71M X A4 GDPe A=, pe CPIY ARMZED, Qv a89HTY 271
Al82E Yeith, = Qo) 1Q*E Q9] dlF VI FokE € S8R (2))
2 AR fexael 47t ARG 3 AR (AIQY AIQ?) 7

ﬂd
o,
o
L)
39

o2 ol (& 3)°] GDP A& gt 3|4 2320 & B g5Hg
o] Al A H (in sample ﬁtting) e = F 3+ 71320 02 By 23y
< & A AgATH =Y FoAlo] 7H Zith o] Friedman and Kuttner
(1992, 1993) Tol vl7 A5E WIoz Fdst AFAaTetr x5k Blo|th
I st /28 B8, ARSI E, 2958 5o A4 FAE vuE =
Ao R UrE‘rkkE‘r e 2AE3E AL o8 FIAREES GDPEFES] A
ol A9 gle Aoz Yehth

EI1+57
R L P %]g 7\}; S 2
g Ty = 10. 49*** 1.97** 1.48
piZett k=t 0.24 0.80 2.58**
M1 0.98 0.84 2.64**
M2 1. 40 1.04 1.67
M3 1.55 0. 89 114
Y53} 4.52%** 2.33%* 0. 94
ERisa= R kil . .
(s 1.32 1. 80 2.58
A E .
(53] 6.28 1.68 3. 06
/2y &8 7,51 2.32%* 1.24

U1, R 5%, k0% SR A% o9 el

B

19) <A 28714 44, 599 FEHlelHe 1871 2¢, 3¢ dolgdlA 247} AZsiith

20) 2287] o) F FEA Wgl Sor FEEe Theide] 2 EaTle Bl Alls
At

21) AT (H) & BE ol tdted 6y, = 6, = 65 =09,
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(of: Clements and Hendry(1998) )& Hkdsle] A=ak-S ¥3k3 4] (11) 9] =4
2

3 7)gA % ole] AR A (15) 9] Bes} 2 44 F A4 FHE vE
Agegin 2
E(Ztmtﬂ) = (0411)@1 + 0‘12 2;;‘ (19)
Qo1 o)

Bge] AAe G 2AS 0|88 F AHN T AIC EE BIC 7ES W Abd)

of sFgstsledl, Agxzs, SUFHYAA 9 s SO dFHsE
ALt 25 4 (1) 2 998 VAR(]) FHz 24 & 9 Aoz e
Wk 20 o]} e Avh= 7]E9] o] 2AQ

22) o] 2AAE A (13) 9 A% WA ANAAF(d) S el A9EA e 94T e,
of 2] X e A%, A (13) 9 ARAZA] covle,d,Jvar(d,)d, FEe] FHoAE
of 93le dSPENE An 4= Utk

23) 718 VAR(2) EFS VAR() mRuth dSAelq o B AAAEASE 2] Bt v

o

. =
VAR (1) 2¥3} vlwd wf VAR (2) B F7hd Arguisel] tigh F Aol fFolshA] &

ot

< A%lle VAR(]) R3PS AMEs

24) o9} 2& VAR(]) RFAL ZFe n|EARE o] &8 A fAeH Ukt E&
VAR(p), p>1 ¢ 259 o= A3} vlue 59 83 d7a7 2 Aoloh

25) W& ZAMsEe] dolH (random walk) H= AR(1) BEE mhethe 2L 2 deiA 3l
o}k 718 Fama (1965) ] 57}, Hall (1978) 2] 4], Barro (1979) ¢ Mankiw (1987) 2] ZA419}
Ssh#a] 9 Diebold and Nason(1990)& #& Gol gt £4Z%7F 1 oelh
Litterman (1986) =& o|9} & 2lld] 7] x3sle] VAR(]) R3S 7|%E 3 Hlo]x]et VAR
dEEgs 7=t ok
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o714 lSA e Al FHL& GMM 4 o]9lell HluE #fste] OLS 77 2}

74741, 2 R 38719 AR 7 712359 VAR(3), VAR 2 VAR(9) 2
A& Frkeke d750A4 7153 (bench mark) &2 ©]83h= AR (1) 28-S

53 o SATNE I Blaste] Bk
3]A 2] FEZZEE $A 8917] o] 71711 1997, 10~2005. 12935 (%
SE o] g3l 99 B 9 o3 T T, BAVIEE 1714

H21987d 2/4 E712074A] olEshiA  Fgste FAb 3R (rolling
regression) = Eolo] B5 323]9] o| =& A|FEIIT] 20 3 o253 e Hlw 7]
TORE 187] o] diSe Uigt FaAks ol £914 2AE A=,
o] &} ARA AP} olE BAA AEe TEoR AMEHIITH

4 232 Yehd olgle] (F HZ2 B2 27 ) €9 FEARE FUIE ol
g dZ2 (199 2o AW E EARTE 2 VAREH} Tdws
AR(1) BZHT ST (HiEAsea 2 S99 23 7 A2 S8 3o 2 |
Ebytrt. 29

53] M1 T A8AZH =8 T3 2AL H A 5242 o] 83 45 e} B
o Ha| iAo n L =S Bk LI Ae ATPer 2 Uy

AGle] e BRASLAE HGEE, D) o] AgATAEY TH820 B

26) FEE A7 e} o)A o] sVed 717k BE 228709 (T6%7]) o]tk

27) ol¢} e X137 W& Thoma and Gray (1998) 7} Friedman and Kuttner (1993) ¢ &%
Akl 27379 (robustness) & &1817] $l5te] A& wWholot,

28) olEHo g2 AR A 2] (11) & AHgshe Aol A ox|Rt AAl 7943 21713]H
P of| Sl ARG AR BEAls A B F9F ealA] fsidEr, ol 24
F 71dA] Ale] 71 FH o mE 94571} o| 241 HiAks et 4AaE dolAa Q=
A HEE Aoz Hloh

29) B oYzt dSo HAAGAY FHG LAt ASHHER Alo|7) EAE RAEY
T AR AFE Bl ERlE B 4 s Aotk a8y ol By Al B2 HSE T
A {Rig=

UE B39 =9 HHE AUAA Fske ZolofA] v AT AR Fr|ax

30) Az e] TR AEAGA 9 &5 dAo] Friedman and Kuttner (1992, 1993),
Estrella and Mishkin (1998) 5 thre] dAFolA &eld vl 9o} $avtele] AS E3) &
2 9] dSdA] o]F ERIZH AL |7} e oz HekH.
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o3 gIeke Bl glek. s

( 4) 27| GDPETE2| HSHIAS2A

9= N2 2 A% 797 9/94

. e
G | OB 0B 0% 0% .07 % 0m .05 .0
(.014) (-.017) (~.014) (~.019) (-.024) (-.014) (-013) (~.011) (-.018)

. GMM() | 02 Bl 0B o0 0B B 02 .08 .0
N (015 (-.023) (-.015) (-.030) (~.021) (-.013) (-.014) (-.009) (-.017)
ol o8 e o Lo o6 o2 o2 o2 Lo
;GMM CUT 000 .008) (002 (008 (-.008) (00D (0000 (-.000) (-003
v oae(g | 016 L0209 029 0B .00 027 .08 .03
\ (-.001) (-.009) (-.004) (-.020) (008 (.000) (-.004) (.003) (-.003)
R ous(y | 02 0% 02 0% 0203 03 .02 03
(-.005) (-.004) (001 (-.003) (-.006) (-.003) (-.002) (-.002) (-.007)

oLs(y | 2L 02 oo oz o2 o3 02 .03
(-.006) (~.002) (001) (-.004) (~.007) (-.001) (-.004) (~004) (-.007)

F-77%" 2.3 25,3 238 222 191 30,8 37.2 3L7 381

.024 021 .020 .019 .013 .019  .030  .021  .031

VARGE 1006 (.002) (L0000 (003) (007 (~003) (005 (004) (-007)
VAR®) L0230 .023 L0201 .022  .020 .022  .034  .020  .032
(.000) (-.002) (.003) (-.001) (-.003) (-.001) (-.006) (-.002) (-.002)
VAR@) L0210 .023 L0200 .022 .017 .02 .029 .019  .036
(L001) (-.002) (.003) (-.002) (.000) (-.002) (-.006) (.000) (-.001)
ARQD) 0.020
(0. 004)

F1U () de 22U 95 A8 dehl,
2) GMM*(-1) 2 OLS(-1) & 170 A, GMM*(-2) 2 OLS(-2) & 2719 A o2& Yehly %=
AR 71X F o3 #HE BES 493 2ARE YER.
3) EEY 949 5% FoFTolA F ARE 3,849 7173k (critical value) < 74,

T BAESE AT FE 24 HAAZ9 Y3k 2IVARE S 1)

31) ot o B WS o3 ARER GMM (-1) ' GMM' (1) 55 AHER UIEA o3
A27F GMM (-2) = GMM' (-2) & AHES 27193 oS J2pET FMSEAA §HEA]
S48 A3E JeEhR & ¢ &, ©]E Clements and Hendry (1998) 5°] 742 (‘most
forecasters seem to believe that parsimony is important’ p. 280) 83 &= =& o] 7HAA
(parsimony) ©] 4% WrdH oz AT
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AEA oz U] 89T E 0|83 @] GDPAFE 952 MlEs 4l
S2ZYEF o] &3 HAH S]] ZARE TA 1Esh= Blo] shte] Wkl A
o7 Kt}

g olgle] (g DI (O™ Do E FEFHFE MIS ARSI S ), #7]
% EdF7] BRESA 7P G5830) %2}% VAR (9) 237} 2719d 24 F
Ao Z2 GMM? (-2) 5 F 7] dS5e] 7] &9 oS58} oS0 & 1

(ag 1) g8 dE2 Fo| (M12] B9)

2IIVARE E

8
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f>
afy [
3AY

200 1/'4

2004/1/4
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ol £ 2 x}H(%p)

N Z#F7IVARE

32) o9} 2 A (F DoME FEH o7 Folsk 4= e, B U €8 Ml ABE EdE
W2 F EA o) «711} ok o] 83 A9} 28] foido] e Aoz YEkith

33) FxE £7] GDP| gt o5 [Ki3=2




U IR 2AF HAdSAEY ddez 2 dF 2AE Yehla e
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V. et
EaoA $2le & ¢ 33 E7|GDPAAE =5 ¢JdiA E71¥ GDPA#

E9d b2 99 AARTE A o8 = Jd' YHE NN ol E ¢S
o 4 GDP 44E3d 7|} #AE AANSG 255 £gst= 2 VAR (vector
autoregressive) RS AF3sE & o|2HE o2 By ant Ad=25E= GDPAAE

=
< 93 ASHE frEskdlnh fred S /33 AIAE 7 E ol EE &
s

g 2 S, wep A TS SHe GMM BEoz 47 24
/\

rE
i
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bt

T Atk AXE el ddAor & ARE F leT) Gothy] flete, dAl®
g9l £7IGDPARE AS5& Al=sl] Htth 718 GDPAREE oo 4= 3
5= 2HAEZAIG(CPD) B A8 885 52 1eld vl Al aeHlsE 5
9l FIF M1 A9 Al AZHES 247t 371 o] 88 A5 71EY &7
VARE oW ©dWE AR (autoregressive) 28 Sof Hl&l| o =HAdAsAt
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(forecasting MSE) Tx =94 22} (median bias) & A3 WHAAZD = A& A
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(B 1)
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Forecasting GDP Growth Rates Using VAR with
Mixed Frequency Data

Yun-Yeong Kim* - Joon Y. Park™*

Abstract

In this paper, we develop a new forecasting method for the quarterly GDP
growth rates, which utilize other economic variables that are observed at a
monthly frequency. For this, we formulate a monthly VAR model including all
the relevant variables, from which a forecasting equation for the quarterly GDP
growth rates is derived. The derived equation has a finite order moving
average error, and therefore, can be readily estimated by GMM using lagged
observations as instruments. To investigate the practical relevancy, we used
the proposed method to forecast the Korean GDP growth rates. We find in
particular that M1 and paper-bill credit spread, among potentially relevant
financial variables that are observed monthly, improve the forecast of the
Korean GDP growth rates significantly in terms of both mean squared error
and median bias.

Key Words: mixed-frequency data, VAR model, forecasting GDP growth rates
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